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ABSTRACT

We introduce FrontierScience, a benchmark evaluating AI capabilities for expert-
level scientific reasoning. FrontierScience consists of two tracks: (1) Olympiad,
which contains international olympiad problems (at the level of IPhO, IChO,
and IBO), and (2) Research, which contains PhD-level, open-ended problems
representative of sub-problems in scientific research. In total, FrontierScience is
composed of several hundred questions (160 in the open-sourced gold set) covering
subfields across physics, chemistry, and biology, from quantum electrodynamics to
synthetic organic chemistry. Recent model progress has nearly saturated existing
science benchmarks, which often rely on multiple-choice knowledge questions or
already published information. In contrast, all Olympiad problems are originally
produced by international olympiad medalists and national team coaches to ensure
standards of difficulty, originality, and factuality. All Research problems are
research sub-tasks written and verified by PhD scientists (doctoral candidates, post-
doctoral researchers, or professors). For Research, we also introduce a granular
rubric-based architecture to evaluate model capabilities throughout the process
of solving a research task, as opposed to judging a standalone answer. In initial
evaluations of several frontier models, GPT-5.2 is the top performing model on
FrontierScience, scoring 77% on the Olympiad set and 25% on the Research set.

1 INTRODUCTION

Language models’ reasoning capabilities have significantly advanced in scientific domains. When
GPQA, a “Google-Proof” multiple-choice science benchmark written by PhD experts, was released
in November 2023, GPT-4 scored 39%, below the expert baseline of 70% (Rein et al., 2023). Two
years later, GPT-5.2 scored 92% (OpenAI, 2025).

As models’ reasoning and knowledge capabilities continue to scale, unsaturated benchmarks will be
important to measure and forecast models’ ability to accelerate scientific research. Prior benchmarks
have tracked useful scientific capabilities relative to model improvements (Rein et al., 2023; He
et al., 2024; Lu et al., 2022; Hendrycks et al., 2021). However, as models have rapidly improved at
reasoning, a new generation of science benchmarks is required to keep apace with progress.

To assess real-world scientific capabilities, we introduce FrontierScience, composed of hundreds of
questions that are difficult, verifiable, and original. FrontierScience questions are written and verified
by subject matter experts across physics, chemistry, and biology, and are composed of two levels:

1. FrontierScience-Olympiad: Science Olympiad-style questions designed by international
olympiad medalists to assess scientific reasoning in a short answer format.

2. FrontierScience-Research: Research subproblems designed by PhD scientists (doctoral
candidates, professors, or postdoctoral researchers) that one might encounter while doing
original research.
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Figure 1: Sample FrontierScience-Olympiad problems. Each task in FrontierScience is written
and verified by a domain expert in physics, chemistry, or biology. For the Olympiad set, all experts
achieved a medal in an international olympiad competition.

We constructed this dual evaluation set1 to measure two sets of capabilities. The Olympiad set is
designed to evaluate precise problem solving in a constrained setting. The problems are designed such
that solutions can be evaluated with a single numeric or algebraic expression (physics and chemistry)
or a fuzzy string-matchable answer (biology). The Research set evaluates more open-ended reasoning,
judgment, and the ability to support real world research objectives. Each Research problem is
accompanied by an expert-designed, 10-point rubric. Together, they provide a wider diagnostic of
model strengths and weaknesses for expert-level scientific reasoning than previous benchmarks.

In initial evaluations of several frontier models, GPT-5.2 is the overall top performing model on
FrontierScience, scoring 77% on the Olympiad set and 25% on the Research set. Gemini 3 Pro
is comparable to GPT-5.2 on Olympiad, scoring 76%, and GPT-5 ties GPT-5.2 on Research at
25%. Overall, we find that frontier AI systems have rapidly progressed in solving expert-level

1Dataset: https://huggingface.co/datasets/openai/frontierscience/tree/main
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Figure 2: Sample FrontierScience-Research problems. For the Research set, all experts hold a
relevant PhD degree. The corresponding rubrics to these sample tasks can be found in Appendix A.

reasoning questions, particularly at the level of self-contained olympiad problems, but are still far
from saturation on research-style work.

2 BENCHMARK CONSTRUCTION

2.1 DATA COLLECTION PIPELINE

FrontierScience-Olympiad questions were created in collaboration with 42 former international
medalists or national team coaches in physics, chemistry, or biology, who have achieved 108 olympiad
medals in total (45 gold, 37 silver, 26 bronze). All medalists were awarded from at least one (and often
multiple) of the following olympiads: the International Physics Olympiad, International Chemistry
Olympiad, International Olympiad on Astronomy and Astrophysics, European Physics Olympiad,
and International Mendeleev Chemistry Olympiad.

FrontierScience-Research questions were created in collaboration with 45 qualified scientists and
domain experts. The scientists were either post-doctoral researchers, professors, or doctoral candi-
dates, often from globally recognized institutions. Qualitatively, each task was designed to represent
a subproblem a PhD researcher might need to solve during the course of their research, and take at
least three to five hours to successfully complete.

The scientists’ areas of expertise spanned an array of scientific disciplines, including but not limited to:
quantum mechanics, astrophysics, theoretical and experimental physics, biophysics, nanotechnology;
molecular, evolutionary, and developmental biology, pharmacology, genomics, immunology, and neu-
roscience in biology; and biochemistry, physical and organic chemistry, materials and computational
chemistry, catalysis, and photochemistry in chemistry. Experts are actively engaged in research for
their domain with deep familiarity of research methodologies.

Each scientist wrote original problems for their track adhering to the following guidelines:
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Figure 3: Tasks go through four stages: Creation, Review, Resolution, Revision. Independent experts
review each other tasks to verify it aligns with the criteria.

Olympiad Research
Originality

• Problems are designed to mimic
olympiad style challenges of complex,
closed-form reasoning tasks.

• To minimize contamination risks, all
problems are novel. While problems
could draw initial inspiration from
existing scientific ideas or questions,
problems need to be re-contextualized
for measuring reasoning capabilities
through creative and non-obvious
combinations or modifications.

• Problems are designed to represent
authentic scientific research tasks
grounded in active areas of inquiry by
our contributors. The specific
problems will not be published outside
of this dataset.

• To minimize contamination risks, all
problems are expected to be novel. For
problems that draw on the same core
phenomena as published areas of
study, or inspired by other problems,
originality is enforced through the
review process to ensure no direct
overlap.

Difficulty
• Problems at least the level of difficulty

of international olympiad questions.
• Preliminary questions were evaluated

against various internal models, where
if the model answered correctly, the
question was considered invalid and
required an update.

• Preliminary questions were evaluated
against various internal OpenAI
models. If the model scored highly on
the rubric, the question was either
discarded or significantly modified.

• Problems were calibrated such that 7-8
points out of 10 on the rubric was
considered a successful solution.

Verifiability
• The question provides all necessary

variables, units, and information used
in the final answer.

• The answer should be a single numeric
or algebraic expression (physics and
chemistry) or a fuzzy string-matchable
answer (biology).

• Each question includes a scoring
rubric with multiple independent and
objectively assessable items, totaling
10 points.

• Model judgments did not
meaningfully differ from human
judgments when using the rubric.

For each research and olympiad problem, scientists provided a detailed solution that would earn full
credit, as well as associated metadata (subdomains, difficulty levels, and sources of inspiration). Each
contributed problem then went under review by at least one peer domain expert (for Research, each
problem went under at least two reviews), who evaluated all components of the question against
the guidelines. Questions could be inspired by known problems, or reference past work, but the
guidelines were to make the task still new.
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2.2 VERIFICATION PIPELINE

All submitted questions underwent an iterative review process. Independent domain expert reviewers
read through each question, answer (either short answer for Olympiad, or rubric for Research), and
solution explanation. The reviewers verified that each question was correct and followed all of the
guidelines. The task creation process included some selection against OpenAI internal models (e.g.,
discarding tasks that models successfully got right, so we expect the evaluation to be biased against
these models relative to others.

If any disagreements arose between the question writer and reviewer, they either came to a consensus
or the question was discarded. Only after both experts agreed was the question submitted and added to
the dataset. Experts for each domain in set then did a final review over each question in the submitted
dataset, ensuring that all questions aligned with the guidelines.

For the Olympiad set, all problems went through at least one independent review, and then a holistic
review by experts. For the Research set, all problems went through at least two independent reviews,
and then a meta review by the experts. We increased review coverage for Research due to the
questions being open-ended and rubrics being a newer and more imprecise grading architecture.

From over 500 Olympiad questions and over 200 Research questions, we did a meta-review with
experts to filter down to an open-sourced gold set of 100 Olympiad questions and 60 Research
questions. We keep the rest of the questions held-out to track potential contamination of the open-
sourced set.

2.3 RUBRIC-BASED GRADING

The Olympiad set is gradable with a number, expression, or fuzzy string match, which improves
verification. However, this verification often trades off with the expressivity and open-endedness
of the problem. For the Research set, we introduce an experimental rubric-based architecture for
grading more open-ended tasks.

Each question includes a scoring rubric with multiple independent and objectively assessable items,
totaling 10 points. Each rubric item contains a description for a specific pass/fail condition (e.g.,
“Writes the following equation X”) and points. The grading rubric assesses not only the accuracy of
the final answer, but also the correctness of intermediate reasoning steps, allowing for nuanced model
performance and failure analysis. Scoring seven out of 10 points is considered a suitable solution and
marked as a success. Due to the experimental design, we expect the Research set to have a lower
noise ceiling than the Olympiad set. The flexibility of rubric points also enables other future grading
procedures, such as average rubric points or different thresholds for what is considered a ”success”.

Each question is accompanied by an explanatory solution path crafted by subject-matter experts. To
run these evaluations without requiring human expert graders, we rely on judge models that assign a
score given an attempted answer and a rubric. We provide model judge prompts in Appendix B that
we use for all evaluations in this paper. We use GPT-5 at high reasoning effort for the model judge.

2.4 BENCHMARK COMPOSITION

FrontierScience contains a diverse range of scientific questions (Fig. 5). The Olympiad set is grounded
in topics common on international science olympiad exams and is more weighted toward physics
and chemistry over biology because it’s more feasible to develop questions that resolve to verifiable
expressions and numbers. The Research set is grounded in contributors’ research specialties, with the
gold set of 60 questions equally split between physics, chemistry, and biology.

3 EXPERIMENTS

3.1 MAIN RESULTS

We evaluated several frontier models: GPT-4o, OpenAI o4-mini, OpenAI o3, GPT-5.2, Claude Opus
4.5, Gemini 3 Pro, Grok 4, GPT-5.1, and GPT-5 on FrontierScience-Olympiad and FrontierScience-
Research. All reasoning models were evaluated at “high” reasoning effort with the exception of GPT-
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